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Model Project Data Dictionary: C:\Program Rles\SAS lnstitute\JMP501\DataDictionary.xls «| 
Model Project Goal: New Product Offering 



Model Project Independent Variable(Y): last buy 0 



Model Project Target c-Statistic: 0.75 
Model Project Target KS-Statistic: 0.27 
Model Project Anticipated Penetration Depth: 100 
Model Project Monotone Lift Expected: Yes 
Model Project Missing Values to be Scored: Yes 
Model Project Sample Dataset Size (%): 0 
Model Project Minimum Number of Buyers: 0 
Model Project Number of Validation Sets: 0 
Model Project Cross Validation Expected: No 
Model Project Sample Median Expected: No 
Model Project Sample Mean Expected: No 
Model Project Sample Standard Deviation Expected: No 
Model Project Sample Range Expected: No 
Model Project Cumulative Frequency Graph Expected: No 
Model Project Sample Total Counted Expected: No 
Model Project Sampte Histogram by Decile Expected: No 
Distribution Results: file:///C:VSample_Distribution2.htm 
Model Project Model Logit ML Selected: Yes 
Model Project Model Logit OLS Selected: No 
Model Project Stepwise Regression Mixed Mode: Yes 
Model Project Stepwise Regression Forward Mode: No 
Model Project Stepwise Regression Backward Mode: No 
Model Project Stepwise Entry Significance Level: 0.15 
Model Project Stepwise Retain Significance Level: 0.15 
Model Candidate Results: fi»e:///C:\ModeLCandidate1.htm 

Final Model Equation: 2.18863033532504 + Match( :buy_months_1b, 0,-0.130188148982629, 1, 0.1301881 
Model Project Generated Report Complete 
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Target Proffe Key Factors 




I?! T ar get vs Non-target Proffe Key Factors 


Get Insight j 
PageSetup | 
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^JPort elligent Analytic Platform Output - Microsoft Internet Explorer 



Rte E(ft View Favorites Tools 



*»8ack 



% % (8 [^Search B Favorites ^Mecte 0 



Address |g] OVTEMffi 



seOfflfTY: 



Currentjmrchase Profile 

Existing users of Current ^purchase tend to be , 

1. Purchase of first kind in recent campaign 

2. Contacted before purchase of first kind 

3. Contacted within last 8 months 

4. Purchase of second kind in recent campaign 

5. No purchase of first kind in recent campaign 

6. Recently purchased 

7. Contacted before purchase of second kind 

8. located in Zone 6 

FIG. 27C 




Priorjmrcha 



No Priorpurchase 



■I Curreni^Purchase 
OH No Cuirert jxtrcftase 
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